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D af=a 3 LEARNING TO ALIGN AND TRANSLATE
m— - In this section, we propose a novel architecture for neural machine translation. The new architecture
. IO D consists of idirectional RNN as an encoder (Sec. 3.2) and a decoder that emulates searching
- through a source sentence during decoding a translation (Sec. 3.1).

— v
— ’1“ 'o wkwj ? 3.1 DECODER: GENERAL DESCRIPTION

In a new model architecture, we define each conditional probability
.(2)as:

2 Yaa W
P(yily1, 7 1Ci)s —-sl,?k
l ‘ ' where s; is an RNN hidden state for time i, puted by
‘ si = f(si—1,Yi-1,6)-
L\ 1 L}!_’ L 3 It should be noted that unlike the existing encoder—decoder ap- 5

proach (see Eq. (2)), here the probability is conditioned on a distinct
context vector ¢; for each target word y;.

The context vector ¢; depends on a sequence of annotations
(h1.-++ ,hr,) to which an encoder maps the input sentence. Each
annotation /; conta nformation about the whole input sequenc

with a strong n the parts surrounding the i-th w
M\ “2 15 input sequence. in in detail how the annotations are c
puted in the next se
Hemo  Linst's U
L/—“\—/J The context vector ¢; is, then, computed as a weighted sum of thes

P annotations h;:
el
T,
i = u,/ll,.}
J=1

EV\(GA) v DC c0de v A ‘(‘\ iheehve The weight a;; of each annotation A, is computed by

exp (e;)

Aij T )
(A 2 k—1€Xp (€ix)

where

Atnton Mg o :

ei; = a(8i—1,h;)

https://erdem.pl/2021/05/introduction-to-attention-mechanism
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