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Use Case:

After training a machine learning model on standardized data, the predictions are often rescaled back to the
original scale to interpret the results in a meaningful way. For instance, if house prices were standardized, the
inverse transformation would convert the standardized predictions back to the original price scale.
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Use Case:
In financial data analysis, income or sales data often exhibit skewness. Applying a log transformation can stabilize

the variance and make patterns more visible. After model prediction, the inverse log transformation is applied to

interpret the results on the original scale.

@ DC(M EV\CVjPhor\ Anrd DClY:’y'ﬁnn

E(P) = % (bdhuro, P is P]A;’nkxf ond CiS ((’l)}wr T€l+>

E'"(I"jPth Funchm

Foncn DC() = ]7

Dcc ph»-\
k —




Use Case:
Sensitive data like personal information, financial records, and medical data are encrypted before storage or
transmission. Decryption is applied to retrieve the original information.
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The determinant is a scalar value that can be computed from a

A square matrix. It provides important information about the matrix,
such as whether the matrix is invertible (i.e., has an inverse), and it
also has geometric interpretations, such as describing the scaling
factor of linear transformations represented by the matrix.
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